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On poisoned image captioning across four LVLMs, BYORn and BYORN-F define
the robustness—quality frontier: near-zero attack success with caption quality
Maximizing the likelihood of the next token matching the undefended model.
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Fine-tuning on this data yields a backdoored vision-language model, which behaves
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Fine-tune backdoor-robust large vision-language models from poisoned data. Trust the given response  Supervise with the generated response The same robustness holds across tasks: BYORN-F and BYORNreduce ASR to
near-zero on spot-the-difference and VQA tasks.
Key insight . . The true goal is minimizing risk on clean data, but no clean data is available.
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